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We first assume independent samples of size n >1 taken over
time from a normal distribution. When process is stable, the
mean is μ0 and the standard deviation σ0. In Phase II the
ideal X‐bar control chart limits would be the following:
In practice, however, one must estimate μ0 and σ0 using m













Duncan (1956) was the first who determined the costs associated with the
implementation of Xbar chart as a function of the chart parameters. Duncan found that
the heuristic designs result in very large penalties when compared to EDs.
Woodall (1986) showed that Eds have poor statistical properties (large number of false




The above mentioned designs are blind, The user doesn’t have a clear view of









There is a need to multi‐objective methods which considers the above objectives
simultaneously
A Quality Cycle




Solution: Combining the individual objective functions into a single composite
function.
Y= λ1*ANF+ λ 2*ATS + λ 3*(Expecteded_Cost)
See : Del Castillo et al. (1996) and Celano and Fichera (1999)
The problem lies in the defining of the weights or the decision‐maker’s
preferences. In practice, it can be very difficult to precisely and accurately select
these weights, even for someone familiar with the problem domain.
If the user likes multiple solutions, he must solve the problem multiple times with 
different weight. 
Multiobjective optimization (vector optimization, multicriteria
optimization, multiattribute optimization or Pareto optimization) is
concerned with mathematical optimization problems involving more
than one objective function to be optimized simultaneously where
optimal decisions need to be taken in the presence of trade‐
offs between two or more conflicting objectives.
Minimizing Expected Loss per item/hour while maximizing the power
of control charts, and minimizing Type I error rate is an example of
multiobjective design of control charts.
At each generation of size N, all chromosomes are compared together to determine
the set of non)dominated solutions in each generations, All nondominated solutions
get a fitness value based on the number of solutions they dominate and dominated
solutions are assigned fitness worse than the worst fitness of any nondominated
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Conclusion:
Ackoff (1967) noted that no system (or solution procedure) that 
is completely computerized, (i.e. completely determines a 
solution) can be as flexible and adaptive as a system or solution 
that requires a person to aid in determining the solution, which 
Ackoff calls a man‐machine system.
In this research we address the control chart design problem in 
a way that users can have choices of designs and thus can tailor 
solutions to the temporal imperatives of the specific industrial 
situation. 

